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Fig.1 Result of SVM (red: no-PI, light green: PI (postural
instability); Circle: support vector, triangle: others; green = 0:
no-PI, white = 1: PI).
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Fig.2 Result of SVM (red: mild-PI, light green: obvious-PI).
(green = 0: mild-PI, white = 1: obvious-PI. )
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