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Abstract: We have developed Walk-Mate (WM) training using interactive rhythmic auditory cue, which is a new
rehabilitation method concerning gait rhythm. Also, we have proposed the new evaluation method for gait rhythm
generation disorders, which is often observed in Parkinson’s disease (PD) patients. However, the recovery process by
rehabilitation for gait rhythm was not yet evaluated from a viewpoint of gait rhythm generation disorders. In this paper,
we aim to evaluate the recovery process by rehabilitation for gait rhythm by evaluation method for gait rhythm
generation disorders in PD patients. For this purpose, we evaluated the effect of WM training compared to conventional
Rhythmic Auditory Stimulation (RAS) training using fixed-tempo rhythmic auditory cue. To evaluate the rehabilitation
effect, we hypothesized a transition probability model of discrete states in views of gait thythm generation disorders. In
detail, the state transition probability matrices of WM training, was compared with the probability matrices of RAS
training. Thirty-one PD patients walked for approximately 2 minutes. We used the gait states constructed in previous
study to evaluate the disease severity for gait rhythm generation disorders. Then we made state transition probability
matrices from pre-WM training to post-WM training, and that from pre-RAS training to post-RAS training. The result
showed the difference in effect between two training. Specifically, the WM training showed better gait state transition of
the patients in severer states of gait rhythm generation disorders, compared to the RAS training. This suggests that this

transition model is useful to identify the appropriate treatment of gait rhythm generation disorders.
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1. INTRODUCTION

Rhythm is important component in gait rehabilitation.
We have proposed the Walk-Mate (WM) training, which
is using gait rhythm interaction [1]. WM is realized by
the interactive rhythmic auditory cue, which is mutually
entrained with human gait rhythm. It was reported that
WM reinstates the 1/f fluctuation property during and
after the training in Parkinson’s disease (PD) patients
[2]. The white noise property of gait rhythm is often
seen in PD patients [3]. In contrast, another group has
proposed the methods using the auditory rhythmic cue
based on the enforced entrainment. The method is called
Rhythmic Auditory Stimulation (RAS) training, which
is providing patients with the fixed-tempo metronome
while walking based on the enforced entrainment [4].
Although RAS tended to decrease the gait rhythm
variability in PD patients, it is likely to enhance the
white noise property [3].

On the other hand, we have also proposed the
evaluation method for gait thythm generation disorders
seen in PD patients [5]. In reference [5], the discrete
three states were defined using gait rhythm variability
and  fluctuation  property:  no-disorder  state,
mild-disorder state, and obvious-disorder state. It is
thought to be important to evaluate the rehabilitation
concerning the gait rhythm.

However, conventionally, the recovery process by
gait training for gait rthythm have not been evaluated
from a viewpoint of a gait rhythm generation disorders.
Therefore, the purpose of this study is to evaluate the
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effect of rehabilitation using rhythmic auditory cue from
a viewpoint of gait rhythm generation disorders [5].

To evaluate the rehabilitation for gait rhythm, we
compared the effect of WM with that of RAS. In
previous studies, many kinds of progressive disease
were taken account of the temporal development
process between states [6]. In this study, we evaluated
the utility of rehabilitation using state transition
probability model from pre-training to post-training
using finite-state Markov model. On the basis of
reference [5], we defined three discrete states of gait
rhythm generation disorders: no-disorder state,
mild-disorder state, and disorder state. As an approach,
we attempted to evaluate the effect of gait training using
rhythmic auditory cue as the transition process between
these states. In detail, we compared the state transition
probability from pre-WM training to post-WM with the
state transition probability from pre-RAS training to
post-RAS.

2. MATERIALS AND METHODS

2.1 Experimental Settings of Rehabilitation for Gait
Rhythm
To evaluate the gait rehabilitations for gait rhythm,
we compared the two rehabilitations. One is Walk-Mate
training (WM training) using interactive rhythmic
auditory cue [1,7]. The other is fixed-tempo Rhythmic
Auditory Cue training (RAS training) [4]. WM is
composed of two modules described by (1) and (2).
0, = Wy + Kpsin(8y, — 6,,). (1)



Wy = —psin{A0, — (6, — 6}, )
where 8,, represents the phase variable of the auditory
cue rhythm generated by WM system and 6 is the
natural frequency of the system. Here 8,, takes only a
value between —m/2 and m/2. Also, 6, represents
the phase variable of the human gait rhythm. Here the
phase difference between the human gait rhythm and the
auditory cue rhythm can be updated only when the foot
contacts to the ground (6, = 0). These equations and
the parameters were tuned empirically. In WM training,
K,=0.5, p=03, and A#;,=0.3 were adjusted to
synchronize the sound cue with human gait rhythm. To
detect the foot contact timing online, peaks of trunk
acceleration norm were used, and it is confirmed that
the actual foot contact timing detected by foot switches
were 0.2ms later than the peak of acceleration norm. In
RAS training, K, and x were set to 0. The initial value
of w, was determined by the average of first four steps.

2.1.1 Participants

Thirty-one PD patients were participated in this
experiment (13 male and 18 female). Their stages of
modified Hoehn-Yahr (mHY) scale was from 1 to 3. All
participants were tested while “on” state of
antiparkinsonian medication. The mean age was 68.8
years and the standard deviation was 10.0 years. The
mean duration disease was 4.7 years and the standard
deviation was 4.0 years. The procedure of this
experiment was approved by Kanto Central Hospital
Ethical Committee. Before the experiment, we obtained
written informed consent from the participants.

2.1.2 Experimental Protocol and Devices

All participants walked six times. There are about 10
minutes’ breaks between each trial. The rhythmic
auditory cues based on entrainment of gait rhythm (WM
and RAS) were provided using headphones during
second walking trial and the fifth walking trial. Then,
we analyzed the effect of training by the relationship
between pre-training trial and post-training trial. The
number of participants who are provided with WM first
is the same as the number of the participants who are
provided with RAS first.

To measure the real time estimation of foot contact
timing and to provide auditory rhythmic cue, WM
implemented in the smartphone (iPhone 5 or iPod touch
Sth generation (Apple Ltd., U.S.)) was used [1,7]. The
device was equipped in front of stomach. While walking,
tri-axial acceleration of trunk was measured by each of
devices every 10ms. Squared L2-norm of tri axial
acceleration signal was calculated. By detecting the
timing of the maximal acceleration after the norm falls
below a certain threshold for 20 or more consecutive
sample times, the foot contact timing were estimated in
real time.

2.1.3 Analysis of Gait Rhythm

To analyze the gait rhythm, we measured the
acceleration of trunk using smartphone (iPod touch 5th
generation or iPhone 5 (Apple Ltd., U.S.)) was equipped
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with near L3 region. The norm of acceleration signal
was smoothed by KZ filter [8]. The window size was
100ms and the cut-off frequency was 2.2 Hz. Then the
stride intervals were calculated by the time duration
between every other peaks of the smoothed norm.

2.2 Evaluation of Training for Gait Rhythm

We evaluate the training concerning the gait rhythm
using transition probability matrices of state concerning
gait rhythm generation disorders. We hypothesized that
the effect of rehabilitation concerning the gait rhythm
can be modeled by simple Markov chain defined by
state concerned with gait rhythm generation disorders.

2.2.1 States of Gait Rhythm Generation Disorders

The states of gait rthythm generation disorders are
defined by the combination of CV and o [5]. The
indices are associated with the severity of the physical
disabilities, such as postural reflex disorders. To classify
the participants’ state of gait rhythm generation
disorders, we focused on mHY score. We used the same
data set as in reference [5]. Fisher’s linear discriminant
analysis was used for classification. At first, we
classified the presence or absence of postural reflex
disorder (PRD). By the two linear discriminant function,
no-PRD state s; can be differentiated from disorder
state. Next, we differentiated participants with
mild-PRD in state s, from patients with obvious-PRD
in state s; in PRD groups.

The classification method of gait rhythm generation
disorders was applied to the measured walking trial data.
The population proportion in pre-WM and that in
pre-RAS was not so different (State s;: state s, : state
s3 =16 : 6 :9 in pre-WM. State s; : state s, : state
s3 =22 :2: 7 in pre-RAS.). The age and the disease
duration were not so different in each of the state in
pre-training or the type of gait training (ps > 0.05, two
way factorial analysis of variance).

2.2.2 State Transition Probability

To quantify the effect of WM or that of RAS on the
individual gait dynamics, the state transition probability
matrices from pre-training to post-training were
calculated to evaluate the after effect of WM or RAS on
the gait dynamics. In previous study, the short term after
effect of WM was confirmed as improvement of gait
rhythm fluctuation property [2]. Therefore, we set the
cycle length about 30 minutes.

2.2.3 Stationary Distribution and Utility

We hypothesized the state transition process can be
regarded as simple Markov chain. Under this
hypothesis, we can estimate the stationary distribution
n° = [p; p, ps3], which is represented by row vector,
using equilibrium equation (3).

s =7mSP, st Yoo ps =1,

where P was the state transition probability matrix.

To estimate the utility of rehabilitation concerning gait
rhythm, we determined the utility as referred to
reference [6] (uy =u, = 0.623, uz= 0.467). Expected

)



utility in stationary distribution for population was
estimated by (4) [9].

U= 23:1 Us X Ps, (4)
where u is utility when patients stay at state s, and
the p, is the steady state probability in state s;.

3. RESULTS

3.1 Sample of Gait State Transition of Patients with
State s3 in Pre-training

Fig. 1 shows a sample result of gait rhythm. The CV
in pre-WM was 4.0%, located in state s;. In this case,
this participant’s gait rhythm variability decreased from
4.0% in pre-WM to 1.9% in post-WM. The o was
increased from 0.46 in pre-WM to 0.95 in post-WM
(see Figs. 1 (a), (b).). In another PD patient, the
trajectory of gait state transition remained within the
same level (state 3) between pre-RAS training and
post-RAS training (see Figs. 1 (¢c) CV =4.2%, a = 0.64,
(d) CV =6.0%, o.= 0.84.).

3.2 State
Post-training

Fig. 2 is the state transition diagram from pre-WM to
post-WM, and the state transition diagram from
pre-RAS to post-RAS. For instance, the transition
probability from state s; in pre-WM to state s, in
post-WM was estimated by the number (two) of people
who transfer from state s; in pre-WM to state s, in
post-WM divided by the number of participants who is
classified to state s; in pre-WM (nine). The transition
probability from state s; in pre-WM to state s, in
post-WM was 22%. Comparing the result of the state
transition probability (0.44) from state s; in pre-WM
to other states in post-WM with that (0.29) from state
sz in pre-RAS to other states in post-RAS, it is
suggested that the participants of state s; in pre-WM
improved their individual gait dynamics more than that
of state s; in pre-RAS.

Transition from Pre-training to

3.3 Estimation of Stationary Distribution and Utility
From the state transition probability matrices of WM,
the stationary distribution was shown in (5).
Twu® = [P1 P2 3] =1[0.840.03 0.13]. (5)
From this result, we can estimate the general
expected utility of WM in steady state by (6).
U=Y3_,u; Xp; =0.60. (6)
On the other hand, the stationary distribution for the
state transition matrices for RAS was shown in (7).
Tras® = [P1 P2 P3]=[0.57 0.03 0.41].  (7)
From this result, we can estimate the general expected
utility of RAS in steady state by (8).
U=Y3,u xp; =0.57. (8)
Compared Eqn. (6) with Eqn. (8), the utility of WM
in steady state is slightly higher than that of RAS.

1487

(a) Pre-WM training: state s3

1.4
1.2
1.0
0.8
0.6
0.4
0.2
0.0

AP AAAN A A A

Stride interval [sec]

100
Time [s]

0 50 150

Post-WM training: state sq

s WA P e ANy

Stride interval [sec] &
S oSS = =
P LI

100
Time [s]
(©) pre-RAS training: state s

0 50 150

1.4
1.2
1.0
0.8
0.6
0.4
0.2
0.0

AP s N N I

Stride interval [sec]

100
Time [s]

0 50 150

Post-RAS training: state s3

WWWW

1.4
1.2
1.0
0.8
0.6
0.4
0.2
0.0

Stride interval [sec] ‘&

0 50 100

Time [s]

150

Fig.1 Sample results of gait rhythm data. (a) The data of
pre-WM, (b) the data of post-WM, (c) the data of
pre-RAS and (d) the data of post-RAS. These figures
show stride interval time series. The data of pre-WM (a)
is classified to state s3, and the data of post-WM (b) is
classified to milder state s, than that of pre-WM (a).
On the other hand the data of pre-RAS (c) is the same
state s; as the data of post-RAS (d).
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Fig.2 State transition diagram. (a) That from pre-WM to
post-WM. (b) That from pre-RAS to post-RAS.

4. DISCUSSION

In this paper, we compared the effect of WM and
RAS training by state transition probability, to evaluate
rehabilitation concerning gait thythm using state of gait
rhythm generation disorders. We classified PD patients
into no-disorder state s;, mild disorder state s, and
disorder state s;, and regarded the recovery process by
gait training using rhythmic auditory cue as a state
transition process concerned with gait rhythm
generation disorders.

As a result, the state transition probability (0.06)
from state s; in pre-WM to other states in post-WM
was lower than that (0.23) from state s; in pre-RAS to
other states in post-RAS. In addition, the state transition
probability (0.44) from state s; in pre-WM to other
states in post-WM was higher than that (0.29) from state
sz in pre-RAS to other states in post-RAS. These
results suggested that WM training might be effective
for patients to increase the state transition probability
from any state to no-disorder state s;. Actually, under
the hypothesis of simple Markov chain, the stationary
distribution for state transition probability of WM is
biased to no-disorder state s,. In addition, the expected
utility of WM in steady state is also higher than that of
RAS. These result suggested that WM has possibility to
provide PD patients with the high quality of life.

In this study, we modeled the recovery process by
rehabilitation concerning gait rhythm using stochastic
state transition model. This method can quantify the
temporal development of recovery process and this can
be used to predict the effectiveness of rehabilitation
method for gait rhythm [6,9].

For future study, the intra-individual variation of the

1488

state transition concerned with gait rhythm generation
disorders in long period should be validated. Then the
prediction of the progression of the disease and utility
evaluation of longitudinal rehabilitation concerning gait
rhythm is expected.

ACKNOWLEGMENTS

We are appreciated to all participants in Kanto Central
Hospital for cooperation to this study. The pictures of
application was designed by Mr. Atsushi Tabata (Tokyo
Institute of Technology), and the user interface was
designed and coded by Mr. Shou Itou (Tokyo Institute
of Technology), Dr. Yohei Kobayashi (Brain Function
Laboratory, Ltd.), and Mr. Yuki Hirobe (Tokyo Institute
of Technology). This research is supported by the
Center of Innovation Program from Japan Science and
Technology Agency, JST.

REFERENCES

[17 Y. Miyake, “Interpersonal synchronization of body
motion and the Walk-Mate walking support robot,”
IEEE Transactions on Robotics, Vol. 25, Issue. 3, pp.
638-644, 2009.

[2] M. ]. Hove, K. Suzuki, H. Uchitomi, S. Orimo, and
Y. Miyake, “Interactive rhythmic auditory stimulation
reinstates natural 1/f timing in gait of Parkinson’s
patients,” PLoS ONE, Vol. 7, Issue. 3, 32600, 2012.
doi:10.1371/journal.pone.0032600.

[3] J. M. Hausdorff, “Gait dynamics in Parkinson’s
disease: common and distinct behavior among stride
length, gait variability, and fractal-like scaling,” Chaos,
vol. 19, 2009, 026113. doi: 10.1063/1.3147408.

[4] M. H. Thaut, G. C. Mclntosh, R. R. Rice, R. A.
Miller, & J. Rathbun, and J. M. Brault, “Rhythmic
auditory stimulation gait training for Parkinson’s disease
patients,” Movement Disorders, Vol. 11, No. 2,
pp-193-200, 1996.

[5] L. Ota, H. Uchitomi,
Miyake. “Relationship between Neural Rhythm
Generation Disorders and Physical Disabilities in
Parkinson’s Disease Patients” Walking,” PLoS ONE Vol.
9, Issue 11, 2014, e112952.
doi:10.1371/journal.pone.0112952.

[6] M. J. Postma, and C. Boersma, “Flexibility of
Markov modeling for clinical pharmacoeconomics:
Ilustration for cost-effectiveness in early Parkinson’s
disease,” Expert Rev. Clin. Pharmacol., vol. 5, issue 1,
pp. 1-4,2012.

[7] S. Itou, L. Ota, Y. Isozaki, Y. Kobayashi, S. Orimo,
and Y. Miyake, “Development of Walking
Rehabilitation Support System Using Smartphones,”
Proceedings of Human Interface Symposium 2013, pp.
85-88, 2013 (in Japanese).

[8] I. Zurbenko, The Spectral Analysis of Time Series.
North-Holland Series in Statistics and Probability, 1986.
[9] F. A. Sonnenberg, R. Beck, “Markov models in
medical decision making: a practical guide,” Med Decis
Making, Vol. 13, pp. 322-338, 1993.

K. Ogawa, S. Orimo, Y.



	Main Menu
	Previous View
	-------------------------------
	Search
	Print


<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles false
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.7
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages false
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages false
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 15
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e55464e1a65876863768467e5770b548c62535370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc666e901a554652d965874ef6768467e5770b548c52175370300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /DAN <>
    /DEU <>
    /ESP <>
    /FRA <>
    /ITA (Utilizzare queste impostazioni per creare documenti Adobe PDF adatti per visualizzare e stampare documenti aziendali in modo affidabile. I documenti PDF creati possono essere aperti con Acrobat e Adobe Reader 5.0 e versioni successive.)
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020be44c988b2c8c2a40020bb38c11cb97c0020c548c815c801c73cb85c0020bcf4ace00020c778c1c4d558b2940020b3700020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken waarmee zakelijke documenten betrouwbaar kunnen worden weergegeven en afgedrukt. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /PTB <>
    /SUO <>
    /SVE <>
    /ENU (Use these settings to create PDFs that match the "Required"  settings for PDF Specification 4.01)
  >>
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


